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Abstract. Which characteristics do the hotel managers value the most when they recruit a
graduate for a job in their hotel facilities? This paper is consistent with the targets of
determining hotel managers’ preferences when they recruit. Hotel managers’ preferences
were determined in relation with the hypothetical profiles of candidates for five job
positions in the administration, commercial, front office, human resources and marketing
areas of hotels. For this purpose, we carried out a survey on 87 hotels operating in the
metropolitan area of Naples, in Campania region, Italy. Data have been collected using a
conjoint experiment, aimed to obtain the characteristics of the graduates who could employ
each one of the five job positions. For each position, the interviewees were asked to choose
among four randomly selected profiles of possible candidates characterised by six
attributes. Findings highlight which characteristics are given positive (or negative) value
by managers in choosing candidate profiles.
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1. INTRODUCTION

In 2015, for the fifth consecutive year, the growth rate of the world tourism sector
has been higher than the global economy (2.8% vs. 2.3%). Today, tourism covers
the 9.8% of world GDP and employs 284 million workers (Turner and Freiermuth,
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2016). According to the World Tourism Organization in 2015 among the world’s
most popular tourism destinations, Italy ranked 5th in arrivals and 7th in revenue
(UNWTO, 2016).

In the tourism sector, the business is characterised by a global competition,
fast changes and technological innovations that follow an incessant pace. The
service demand should be able to reply instantly to new trends. It is crucial for
tourism actors to know how to adjust and respond swiftly to changes (Della Corte
and Aria, 2014; 2016).

The tourism industry is a labour-intensive service industry, where surviving
(and at best, a competitive advantage) depends on the availability of good quality
personnel to deliver, operate, and manage the tourist product. The interaction
between the tourist and the tourism industry personnel is an integral part of the total
tourist experience (Amoah and Baum, 1997). Personnel is clearly a central resource
to the industry’s effective operation (Baum, 1995).

Several studies have revealed that the main concern of people looking for a
job was the poor image of the tourism industry. Other areas for concern were the
quality and availability of seasonality skilled staff, rewards and benefits, labour
turnover, working hours and conditions, barriers to employment in tourism. Many
of these problems are directly linked to, and may be rectified through education
provision and, where possible, accurate careers information and guidance (Powell
and Wood, 1999; Hinkin and Tracey, 2000).

The paper aims at identifying the skills required to a graduate candidate in
order to hold one of five key roles typical of the hotel industry.

For this purpose, as part of the project ELECTUS, we carried out a survey
on 3, 4, and 5-star hotels operating in the metropolitan area of Naples, Italy. The
survey has been conducted using both CAPI (Computer Assisted Personal
Interviewing) and CAWI (Computer Assisted Web-based Interviewing) data
collection systems. The data were analysed through a conjoint analysis that
highlighted the characteristics of the ideal graduates according to hotel managers’
preferences.

The paper is organised as follows: in Section 2 we describe the ELECTUS
survey; in Section 3 we explain our survey; in Section 4 we introduce the statistical
method used in our analysis; Section 5 shows the results of the conjoint study and
illustrates the ideal candidate for different jobs in hotel facilities. The paper ends
with summing up the results and describing possible future developments.
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2. THE ELECTUS SURVEY

Here we present a research named ELECTUS, an acronym for Education-for-
Labour Elicited from Companies’ attitudes Towards University Studies, aimed at
a set of parallel surveys that a group of Italian universities coordinated by the
University of Padua have started with a common purpose of identifying the attitudes
of employers when they recruit graduates to fill the vacancies in their companies.
The advanced knowledge of the attitudes sought by employers may help matching
graduates’ competencies with job market’s needs.

The research develops through a survey on entrepreneurs who are asked to
choose the most preferred profile for a specific job position among four randomly
defined hypothetical profiles of graduates. The job positions are five, each one in
one of the following areas: administrative, commercial, front office, human
resources and marketing.

In order to measure entrepreneurs’ preferences, for each vacant job position,
a conjoint experiment was conducted in these terms (Fabbris et al., 2015):

1. Choice-based preferences
A vignette describing in random order the four profiles of candidates for a job
position. Each respondent was asked to select the most preferred one as the
closest candidate for the given job position. The question was ‘Imagine that you
are interested in recruiting a person for the position of (…). Which one out the
four profiles on the screen would you invite for a job interview, it being the
closest to your ideal candidate?’.
The choice is related to the moment of pre-selection of candidates (of course
before the job interview) and it is based on CV.

An example of vignette is given in Table

2. No-choice option (“None”)
A no-choice option was introduced as a bonus choice. The question was, ‘If you
really had to insert a person in the position (…) for your firm, would you insert
the chosen profile or would you insert no profile at all?’

This option allows to estimate, in addition to part-worth utilities, a threshold for
the general minimum level of competencies of a graduate, an employer could
consider for recruitment.

3. Description of the choice
After selecting their preferred profile, respondents were asked i) to rate the
importance of each attribute, as well as each submitted profile, on a scale from



302 Aria, M., Balbi, S., Balzano, S., Piscitelli A.

Tab. 1: An example of a vignette describing four random profiles of candidates for a job position

1 to 10, and ii) to indicate the monthly payment for the candidate considered the
best for the job position, allowing for measuring the so-called ‘willingness to
pay’ for that candidate to that vacancy (Breidert et al., 2006).

The attributes used to generate the list of possible candidate profiles are
defined following two sequential steps. First, a large set of attributes was selected
after a literature review. Then, the final selection was obtained by experts’ opinions
expressed in a focus group.

The levels of attributes have been chosen considering local university offer
and the specific characteristics of hotel industry.

The attributes selected are as follow:  field of the study, education level, degree
mark, English knowledge, work experience, and willingness to travel on business. The
complete list of the levels for each of the six attributes is reported in Table 2.

The full factorial design of the whole set of attributes and levels defines 2916
profiles.

According to Yorke and Harvey (2005), employers have always wanted a raft
of personal skills. Adaptability, flexibility, and willingness to learn and continue
learning are the overt tip of a much bigger iceberg of expectation. Our research
focuses on characteristics of graduates related to the educational background and
work experience.

The evaluation of employers and their interpretation of information related
to the educational background during the selection process define the opportunities
of youth to find a job (Di Stasio and van de Werfhorst, 2016). The preliminary
analysis of the CVs, aiming at verifying if applicant characteristics comply the
vacancy, is then crucial.
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Tab 2: Characteristics of the candidate’s profile

Attribute Levels

Tourism
Statistics
Psychology
Math/Computer science/Engineering

Field of the study Communication
Law / Political sciences
Economics
Foreign languages
Philosophy

Bachelor degree
Education level Master degree

Ph.D.

<95
Degree mark 95-104

>104

No, not at all
English knowledge Yes, but not fluently

Yes, fluently

No previous experience
Previous traineeship in tourism

Work experience Previous traineeship not in tourism
Previous work experience of at least 1 year

Unwilling to travel
Willingness to travel on Willing to travel only for short periods

business Willing to travel even for long periods

3. DATA COLLECTION

Our survey focuses on hotel industry operating in the metropolitan area of Naples.
We selected this area for different reasons. First, it is a well-developed tourist area,
with a relevant set of attractive factors, characterised by precise geographic
boundaries (Della Corte and Aria, 2014). Therefore, it is endowed with strategic
resources. Naples is an art-city, located in the middle of the Gulf of Naples. Its main
attractions are: cultural resources (Della Corte et al., 2017; Aria et al., 2017),
landscape, enogastronomy and folklore, to cite the main ones (Della Corte and Aria,
2016).

The population frame consisted of 717 firms out of which the large majority
was 3-star and 4-star hotels and less than 5% 5-star hotels (Table 3) (Camera di
Commercio di Napoli, 2013).



304 Aria, M., Balbi, S., Balzano, S., Piscitelli A.

We randomly selected a list of 324 firms and 87 hotel managers out of the 324
contacted, have completed the questionnaire.

Tab. 3: Hotel population by rating

Hotel rating Frequency Percentage

3-stars 411 57.3

4-stars 275 38.4

5-stars 31 4.3

A questionnaire was generated for each of the 87 respondents, randomly
selecting 4 scenarios out of the 2916, holding the following conditions:

• Each attribute level should have appeared as few times as possible in a single
questionnaire (minimum overlap criterion);

• Each attribute level should have appeared approximately an equal number of
times both within a single questionnaire and in the whole sample (level balance
criterion);

• Attribute levels should have been defined independently of other attribute
levels, so that the effect of each attribute level could be measured independently
of the others (orthogonality criterion).

As consequence, we obtained a resolution III fractional factorial design
(Addelman, 1962; Montgomery, 2001; Furlan and Corradetti, 2005) for the Full
Profile model that allows to assume that all interaction effects are not meaningful.

The orthogonal fractional design was realised through IBM SPSS v. 22
software. Data have been collected during the period June-December 2016, using
computer assisted interviewing system implemented using the open-source platform
Limesurvey (https://www.limesurvey.org/) and some php routines written ad-hoc
to ensure the random selection of conjoint profiles. In a first time, hotel managers
have been contacted by email asking them to answer the questionnaire through a
CAWI system. Next, only for managers who did not reply in the first phase, the
questionnaire has been administered, face to face, by an experienced interviewer
using a CAPI system working on a tablet.

Tab. 4 shows the main characteristics of the interviewees. They were mainly
area managers (49.5%) or general managers (37.9%) of the hotels. A small
percentage of them was represented by owners (12.6%). From now on, we will refer
to respondents as “managers” or “hotel managers”. The 77.0% was male. Most of
the interviewees (79.3%) were less than 50 years old (<40 years old 48.3; from 40
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to 49 years old 31.0%). Furthermore, hotel managers showed high educational
levels, being 57.5% graduated.

Table 5 shows the main characteristics of the hotels. The 58.6% have a 3-star
rating, 36.8% have a 4-star rating and only 4.6% of hotels have a 5-star rating. The
majority of the firms is small size (< 19 employees, 57.5%).

In the last three years, the 69% of firms have recruited graduate personnel in
front office area. Recruitment activity has been less frequent in the other business
areas (Table 6). Almost half of the managers state that the hotel would recruit new
graduate personnel during the year following the interview. The three main
recruitment options were: “curriculum from the applicants” (90.4%); “previous
traineeship at the company” (56.6%); and “search on university database” (16.9%)
(more than one answer was admitted).

Choices expressed by respondents have been analysed through a choice-
based conjoint technique suited to indirectly eliciting preferences (Louviere et al.,
2000; Raghavarao et al., 2010). We assumed that preference elicitation through
indirect instead of direct questions would produce more genuine responses and
anticipate the likely behaviour of interviewees by binding their responses to a given
scenario (Ryan and Farrar, 2000).

Tab. 4: Main characteristics of the interviewees

Variable Attribute Percentage

Gender Male 77.0

Female 23.0

< 30 9.2

30 – 39 39.1

Age 40 – 49 31.0

50 – 64 17.2

> 64 3.4

High school diploma 42.5

Education Bachelor/Master degree 54.0

Postgraduate diploma 3.5

Owner 12.6

Business role General manager 37.9

Area manager 49.5
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Tab. 5: Main characteristics of the hotels

Variable Attribute Percentage

Employees ≤9 18.4

10 – 19 39.1

20 – 49 36.8

50 – 249 5.7

Main incoming customers Domestic 55.2

Foreign 44.8

Hotel category 3-stars 58.6

4-stars 36.8

5-stars 4.6

Tab. 6: Recruitment activities of hotels

Variable Attribute Percentage

Recruitment undertaken in Administrative 17.2

the last three years by area Commercial 21.8
(more than one response Front office 69.0

 admitted) Human resources 17.1

Marketing 13.8

Recruitment in the year Yes 41.4
following the interview No 58.6

Recruitment criteria for CV evaluation 90.4
graduates Previous traineeship at the company 56.6
(more than one response Search on university database 16.9

admitted) Unspecialised Employment agencies 9.6

Social networks 4,8
Ads in newspapers 1.2

Specialized Employment agencies 0.0

4. CONJOINT ANALYSIS

Conjoint analysis (CA) is a broad term that includes a class of methods for
estimating the importance of profile characteristics in determining the preference
structure of potential consumers. In the general settings, conjoint analysis is based
on an additive model stating that individual preference is equal to the sum of the
contributions (or part-worth utilities) of the levels of a set of attributes that describe
a set of profiles (Green and Srinivasan, 1978).

CA conceptualises a product (in this case, an applicant) as a set of multi-level
attributes. Input data for conjoint analysis are the preference judgements expressed
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by a set of judges on a set of profiles: in fact, it is referred to as a decompositional
method, as it decomposes the score assigned to a profile into a set of coefficients
measuring the importance of each level in determining that score.

CA includes a class of measurement technique originated in the field of
mathematical psychology and psychometrics (Green and Srinivasan, 1978;
Borsboom and Scholten, 2008; Gustafsson et al., 2013) and propagated in marketing
research (Green and Srinivasan, 1990; Carrol and Green, 1995; Hauser et al., 2006;
Netzer et al., 2008; Lohrke et al., 2010). Recently, conjoint analysis has been
fruitfully applied in several frameworks such as economics (Hanley et al., 2001;
Poortinga et al., 2003; de Bekker-Grob et al., 2012), health (Bridges et al., 2008;
Ryan and Gerard, 2003), sensometrics (Moskowitz and Silcher, 2006), and mana-
gement (Priem, 1992; Hicks, 2002; Schillebeeckx et al., 2016).

A widely used approach to conjoint analysis is the discrete choice experiment
(DCE) (Ewing and Sarigöllü, 2000; Louviere et al., 2000; Ryan et al., 2007;
Albaladejo-Pina and Díaz-Delfa, 2009). Choice-based CA respondents make
choices among applicants compared of experimentally varied combinations of the
study’s attribute levels (Louviere et al., 2000; Natter and Feurstein, 2002). The
method allows investigators to investigate the relative influence of variations in the
levels of each attribute on entrepreneur choices, estimate the utility of each attribute
level, compute willingness to recruit the applicants, identify segments with different
preferences, and simulate the response of different segments to hypothetical
applicants’ profiles (Halme and Kallio, 2014).

Conditional logit is the most used methodology for modelling discrete
choice data (McFadden, 1980; Soofi, 1992). McFadden and Train (2000)
demonstrated that this model is consistent with economic theory and allows to
relate choices to the characteristics of the alternatives available to decision makers.

Following random utility theory, the utility associated with an alternative or
profile is assumed to be a function of observed characteristics (attribute levels) and
unobserved characteristics of the alternative. This theoretic framework also assumes
that each individual maximizes his utility. The utility function is specified as an
indirect utility function defined by the attribute levels in alternative  plus a random
error term:

where V is a function linking the attribute levels of the alternative  i  to its utility, and
∈ i  is a random term following an i.i.d. type 1 extreme-value distribution (McFadden
and Train, 2000).

The probability of choosing the alternative i is:
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where V(β,xi)  is the utility function, or so-called part-worth utility, for alternative
i. In other words, the probability of choosing an alternative i depends both attribute
levels of the profile i and attribute levels of all other profiles.

The vector of unknown utility parameters β is estimated through the
maximum likelihood of regularised weights. The solution is typically found using
some non-linear, iterative maximisation algorithm. The attribute levels are
constrained, imposing that their sum equals zero. The resulting set of estimated
parameters is unique, and the model is robust to violation of the assumption that the
error terms follow an extreme value distribution and are independent across
alternatives (Louviere et al., 2000).

The goodness of fit of conditional logit models is evaluated through both the
log likelihood ratio test and McFadden’s pseudo R-squared. The log likelihood ratio
chi-square test determines whether including attribute-level variables significantly
improves the model fit compared with a trivial model without any attribute-level
variable. In this way, it indicates whether one or more of the preference weights are
expected to be different from 0.

Test statistic D, log likelihood ratio, is calculated as:

where L(M0), L(Mfit), LL(M0) and LL(Mfit) are the likelihood and the log likelihood
values of the trivial and the fitted model, respectively. The log likelihood ratio
follows a chi-square distribution with degrees of freedom equal to the number of
parameters to be estimated.
McFadden’s pseudo R-squared is calculated as:

The relative importance of an attribute (RIA) can be calculated as the relative
range, in percentage, of estimated utility parameters of the levels of an attribute
(difference between parameters of the most preferred level of an attribute and the
least preferred level of the same attribute):

where j indicates an attribute and K the total number of attributes used in the profile
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definition. RIA measure is often directly influenced by number of levels composing
an attribute (Orme, 2010).

5. RESULTS

Conjoint analysis has been performed using “mlogit” R package (Croissant, 2012).
The results are shown in Tables 7 and 8.

Table 7 shows the conditional logit models estimates of partial utility
coefficients, standard deviations (in parentheses), RIA for the five job positions and
goodness of fit measures of the estimated models.

We obtained large values of R2 (>0.5) that, according to Louriere, Hensher
and Swait (2000), means an extremely good fit in all models.

A level with a positive utility coefficient has high importance on the choice;
a level with negative utility coefficient has low importance on the choice; the not
significant attribute levels do not play any role into the choosing process. RIA
values add up to 100 by column, that is they can be interpreted as percentage of
importance given to each attribute conditional to the job position.

For all the five job positions, field of study results the most important attribute
(RIA from 25.3 % to 41.6 %). This could also depend on the number of attribute
levels (Orme, 2010).

The hotel manager values the academic study programme when examining
a job candidate profile. Looking at single coefficients, all the nine considered fields
are relevant for at least one job position in hotels. Some of them are preferred for
some job vacancy with respect to the others. A degree in economics or tourism is
preferred for clerk and revenue manager positions. Applicants must possess skills,
capabilities and competencies related to multiple fields. In particular, these attitudes
have to be related with the accounting and economic abilities in the field of tourism.
Instead, for a front office receptionist, recruiters prefer a degree in foreign
languages or tourism because they look for an applicant with ability in effective
written and verbal communication in foreign languages and in guest service.
Finally, it is interesting to note that for HR executive and Web specialist roles
different skills are required and not necessarily close to a degree in tourism. In fact,
recruiters require a psychologist to work in the human resources office and a
graduate in quantitative sciences (math/computer science/engineering) for a job as
web specialist.

Also, the other two attributes related to academic careers assume substantial
levels of RIA: degree level ranges from 12.4 % to 21.9 % and degree final mark
ranges from 8.7 % to 19.2 %, respectively.

In order to get a measure of the importance of the academic skills in
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Tab. 7: Partial utility coefficients and RIA estimates (standard deviations in parentheses)
and   goodness of fit measures of estimated models
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recruitment evaluation, we summed up the RIAs of the attributes related these three
attributes plus English knowledge to measure their importance. The resulting
aggregated measures show that the lowest aggregate RIA for academic skills is 58.2
% for a career in human resource area where, in terms of importance, previous work
experience (25.6 %) is comparable to the academic study programme (26.9%). On
the other hand, the highest aggregate RIAs for academic skills are for revenue
manager (75.2%) and receptionist positions (90.6 %).

Previous work experience is generally required for all positions, mainly if
based on a traineeship in tourism or on a generic working activity of at least one-
year, whereas traineeships in different sectors have not importance for recruiters.

The other attributes are not relevant in general but for specific roles. English
knowledge is important in recruiting receptionists and web specialists (18.6 and
14.7, respectively) while willingness to travel on business, in particular only for
short periods, is relevant for candidates yearning a career in human resources.

The following profiles can be defined based on the part-worth utilities in Table 7:
• The ideal profile for an administrative clerk is a candidate with a bachelor

degree in economics or, as second best, in tourism, with at least 1-year of
previous working experience and unwilling to travel both for short and long
period. The utility score of the ideal profile is 7.6 while the score of the second
best is 5.0. The “none” threshold is 2.5;

• To be considered for a revenue manager position, a candidate must have a
master degree in economics or as second best, in tourism, with excellent grades
and an internship in the tourism sector. The utility score of the ideal profile is 6.0
while the score of the second best is 5.0. The “none” threshold is 3.6;

• An ideal front office receptionist possesses a bachelor or master degree in
foreign languages or as second best, in tourism, with excellent grades, fluent
English, and a previous internship. The utility score of the ideal profile is 6.8
while the score of the second best is 6.4. The “none” threshold is 3.0;

• For a career in human resources as executive, the ideal candidate is graduate with
master degree in Law/ Political Sciences, or as second best, in Psychology, cum
laude, not necessarily fluent in English, with at least 1-year of previous work
experience and willing to travel for short periods. The utility score of the ideal profile
is 9.3 while the score of the second best is 8.9. The “none” threshold is 4.9;

• Finally, an ideal web marketing specialist is a graduate in a scientific study
programme or, as second best, in communication, with at least 1-year of
previous work experience or internship in tourism. Fluency in English and
willingness to travel are not strictly required. The utility score of the ideal profile
is 6.2 while the score of the second best is 5.8. The “none” threshold is 2.6.
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The utility score of the ideal profile as well as the “none” threshold of human
resource position are very high. Maybe this is due to the high profile of the role to
cover, an executive with many responsibilities. Moreover, the highest utility score
(2.8) is estimated for the previous experience while, for all other positions, the
highest score is related to the university study programme.

For the five profiles, Table 8 shows only the six levels with the highest part-
utility coefficient, together with the associated total utility score and the corresponding
None score.

Tab. 8: The ideal profiles

Administration Commercial – Front Office - Human Marketing –
– Clerk Revenue  Receptionist Resources –  Web

manager specialist

Field of study Economics Economics Foreign languages Foreign languages Mathematics

Degree level Bachelor Master Bachelor Master Bachelor

Degree mark High High High High Medium

English knowledge Fluent Not necessary Fluent Basic Basic

Work At least 1-year Traineeship in Traineeship in At least 1-year Traineeship in
experience experience tourism tourism  experience tourism

Willing to  travel Not necessary Not necessary Only for short Only for short Not necessary
periods  periods

Score 8.21 6.26 6.84 9.17 6.19

None 2.50 3.64 2.99 4.92 2.61

6. CONCLUSIONS

In this paper, we present a research aiming to identify ideal candidate profiles for
key job roles in hotel industry. The innovative contribution of this work is the use
of conjoint analysis in this kind of studies. The definition, the organisation and the
data collection of a conjoint experiment require higher resources, in terms of time
and staff, than classical surveys but it ensures richer data and informative findings.

The estimation of utility scores and relative importance of the attributes
allowed us to understand which elements of a candidate profile desired, which ones
are interchangeable, which are, on the contrary, undesired. At the same time, we
identified the most important attributes and the propensity of the hotel managers to
choose graduates with different academic careers for their vacancies.

Findings highlight how managers generally focus their attention on few
study programme (economics and tourism) and avoid Ph.D. candidates. Maybe,
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they consider these candidates overeducated or they do not recognise the value of
Ph.D. programmes in the job market. A master degree is required just in few cases
while in most situations a bachelor degree seems to be adequate.

A further methodological gain of this conjoint experiment is the relevance of
the “none” choice.  The use of this option allowed us to measure a threshold of the
level of selectivity of the manager with respect to the different job position
considered. In role well-thought-out more specific, they showed a high threshold
not being willing to evaluate candidates with general skills.

The results of this work may help the academia to improve their policies
about study programme organisation and job placement signing more agreements
with job market drivers to ensure targeted traineeships to their students (Ring et al.,
2009).

The main limitations of this research are the logit model assumptions and the
sample size. Logit model is based on a strong assumption, namely the independence
of the irrelevant alternatives (IIA) property (Zhang and Hofmann, 1993). The IIA
property means that the relative probability of choosing any two alternatives is
independent of all other alternatives in the choice set. When some alternatives are
close substitutes for one other, the IIA property could be invalid then the logit
parameter estimates will be inappropriate. In our study, in the definition of a set of
not-substitute alternatives, we made the assumed the validity of IIA property. This
could be a limitation of this research.

Moreover, in order to consider a major variety of study programmes and
many attributes characterising a candidate profile, a future research should necessarily
collect a larger sample.
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